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1. Introduction 3. Results
Scarcity of databases of locomotion with access to raw d ) % % :\i ; % @-;%

information.

2

Winter[ 1], 1s the seminal reference of motion capture data.

Ambulation modes: ascending and descending stairs and ramps
[5], [6].

Other sources provide insight about the power and torque -
contribution to locomotion at the joint level [2], [3], [4].

1.85m/s

—
@
£
g°
O
O
Q
7))
=
O
®©
O
-
|_

Hu et al. (2019) [7]: first benchmark database of simultaneous L _
kinematic and EMG from healthy subjects. Limited to single t Flexion
staircase and ramp. -

Our dataset extends the report of kinematics results by including _AH y

the kinematics, kinetics and joint power data in conjunction
with the data from multiple sources of wearable sensors,

including EMG, goniometer, accelerometer and gyroscope -

This dataset will aid the development of better locomotion 20 _ . _
assistance techniques and can be used in applications of machine 1 I 1 | I » - | T T »

learning to human locomotion. 0% 20% 40% 60% 80% 100% 0% 20% 40% 60% 80% 100% 0% 20% 40% 60% 80% 100%
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2. Methods Data access
A Ap 0 lications http://www.epic.gatech.ed -‘5—'1.}'&

u/biomechanics-dataset-
camargo-et-al/

EMG Goniometer
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